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(ii) dlolg] AfolA /\% g5t At 58 &7H banking, point-of-sale devices, bar-code

- C}OFsh BoloA &85 9= ffo]E A}o] readers, intelligent machines, and the
AA ALQAMY, HAE o|OjXx], JjZ & A}o] amount has been increasing at an incredible
3t £29] fojE&& A7} rate due to technological advances. "Data

mining" refers to a collection of techniques

+ DS520 go]gjx]a]9lo] (Computer Programming for extracting "interesting" relationships and

for Data Processing) knowledge hidden in a mountain of data in
AXLE 2 F835}0] glolgl2 x]alstr] st mg order to assist managers or analysts to
2i0] 71&S sh&sich Es] mz a2 Jpaksts] 9 make intelligent use of them. A number of
s W2l &, 2=/, ukE sha Zof tfsh 7] 2 A successful applications have been reported



in areas such as credit rating, fraud

detection, database marketing, customer
relationship management, and stock market
investments. In this course, we will examine
a variety of data mining techniques evolved
from the disciplines of statistics and artificial
intelligence (or machine learning), and
practice them in recognizing patterns and
from an

making predictions applications

perspective. Application (or case) surveys
and hands-on experimentations with

easy-to-use software will be provided.
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« 11S680 7]A|srS (Machine Learning)

Machine learning is all about finding
generalized patterns from data. The whole
idea is to replace the "human writing code"
with a "human supplying data" and then let
the system figure out what it is that the
person wants to do by looking at the
examples. In recent years, many successful
applications of machine learning have been
from data-mining

developed, ranging

programs that learn to detect fraudulent

credit card transactions, to autonomous

vehicles that learn to drive on public
highways. At the same time, there have been
important advances in the theory and
algorithms that form the foundation of this
field. The goal of this class is to provide an
overview of the state-of-art algorithms used
different

in machine learning and

perspectives, and hopefully to gain some
understanding of what's going on the next.
We will discuss both the

properties of these algorithms and their

theoretical

practical applications.
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(Pattern Analysis and Data Mining about
Biomedical Data I)
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Case Study)
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and Stochastic Process)
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Machine Learning)
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